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Abstract

Prior research on economic voting generally finds that national economic performance affects
incumbent support. However, the degree to which one’s personal economic situation shapes vote
choice remains less clear. In this study, we use novel survey data collected during the COVID-19
pandemic to provide more credible evidence about the effect of changes in personal economic
experiences on intended vote choice. Our design uses an objective measure of change in personal
economic situation by asking respondents their employment status prior to the pandemic and at
the time of the survey. Given the widespread and abrupt way in which the pandemic induced
unemployment, we argue that this design reduces concerns about confounders that explain both
vote choice and job loss. Our analysis demonstrates that individuals whose personal economic
conditions worsened during the pandemic were significantly less like to intend to vote for Trump
in the 2020 election.
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Introduction

How do changes in individuals’ personal economic situations affect vote choice? There is an
extensive body of research in the social sciences on “economic voting,” which broadly argues
that economic conditions, either at the individual- or macro-level, have a large effect on vote
choice. These effects may be larger than political preferences or ideology. Overall, the general
consensus is that voters hold the incumbent government responsible for economic performance,
punishing incumbents when the economy is poor (e.g. Grafstein (2005), Lewis-Beck and Paldam
(2000), Healy and Malhotra (2013)).

While there is agreement that “the economy matters,” how much one’s personal
economic experience affects voting, referred to as egotropic or “pocketbook” voting, is much
less clear (Kinder and Kiewiet, 1981). Margalit (2019) provides a thorough review of a number
of behavioral responses we might see, such as voting against the incumbent, voting for more
leftist (or rightwing) policy, or not voting at all. Generally speaking, research in this area
suggests that voters’ evaluations of the national economy are stronger predictors of voting
behavior than personal economic circumstances (Alvarez and Nagler, 1998; Kinder and Kiewiet,
1979; Kiewiet, 1983). To get at individual-level experience, one promising approach is to use
survey data, which can potentially differentiate between personal-level and macro-level
experience. However, these approaches are subject to concerns about measurement error (see
Kramer (1983) in particular).

There are three main concerns related to measurement and identification in isolating the
effect of changes in personal economic experiences on voting, which likely contribute to this
ongoing debate. The first is theoretical, which is that changes in individual experiences may
affect individual’s beliefs about both their personal well-being and macro-economic
performance. This means that “controlling for" national economic perceptions may obscure the
effect of personal economic experiences. Likewise, changes to the macro economy may also
affect beliefs about one’s own personal standing. Without direct measurement of changes in
personal economic experiences, for example, changes in employment status or income, it will be
difficult to identify the origin of changes in perceptions.

The second concern is about measurement error. In particular, individuals may misreport
their economic perceptions to better align with their reported political preferences (Linn et al.,
2010; Wlezien et al., 1997). This problem is likely exacerbated when asking about general
perceptions, like beliefs about the health of the macro-economy, or when analyses are based on
survey data in which individuals are asked about their political preferences and attitudes at the
same time as their economic views, which may heighten the tendency to shape economic
perceptions to match pre-existing political views (Conover et al., 1987).

Finally, there is a problem of omitted variables bias, where individuals’ economic
standing, specifically unemployment or income, may be confounded by other factors that also
correlate with vote choice. For example, individuals already inclined to support one party may be
more likely to work in industries where unemployment is more or less common (e.g., low-
income workers may be both more Democratic and more likely to work in service sector jobs
with more frequent spells of unemployment), leading to a spurious correlation between personal
unemployment experiences and voting. More generally, if there is any unmeasured factor
correlated with job loss and voting, it may induce bias in the estimated effect of job loss on vote
choice. Extant work that proxies personal economic status using measures of unemployment tries
to control for many factors that would introduce omitted variable bias but few studies actually
measure change in employment status or control for a broad range of factors (e.g., sector of



employment) that correlate with average unemployment and well-being. As a result, there is a
persistent concern that there are underlying confounders that predict both unemployment and
vote choice.

Recent work has offered several promising approaches for understanding the effect of
personal economic experiences on voting. Focusing more on the local rather than national
setting, Park and Reeves (2020) find that survey respondents who live in areas where local
unemployment is higher are less likely to vote for the incumbent. This pattern is consistent either
with individuals who are personally affected by unemployment voting against the incumbent
(i.e., pocketbook voting) or with those who observe others nearby them becoming unemployed
doing so (i.e., sociotropic voting). Healy et al. (2017) use personal tax records of individuals in
Sweden merged to their responses on a survey. Their analyses show that evaluations of the
economy and reported voting reflect changes in personal economic situations and that voters are
more egotropic than previously suggested by the literature. However, it is unclear what explains
observed changes in income or whether the same pattern would hold in the United States. On this
point, most recent studies of the relationship between individual-level economic experiences and
voting use data from countries other than the United States. Finally, work by Margalit and others
uses panel data to examine the related question of how economic shocks affect policy
preferences and support for populism (Margalit, 2013; Ahlquist, 2018). This literature generally
finds that shocks that decrease a person’s economic standing increase support for left-leaning
policies and may also increase support for populism, but these effects are short-lived. Whether
individual-level shocks contribute to anti-incumbent voting, particularly in the US, is not
examined.

In this paper, we contribute to extant work on economic voting by exploiting a plausibly
exogenous shock to the individual-level economic situation of many U.S. residents. While there
is some debate over which economic indicators are most salient (see Nadeau and Lewis-Beck,
2001), we focus on job loss in our analysis. We argue that job loss due to the COVID-19
pandemic provides an economic shock that can be used to identify the effect of an individual
losing their job on intended 2020 vote choice. We do not take a position on whether job loss
operates through the mechanism of beliefs about individual economic standing or beliefs about
the overall macro economy. Instead, we simply attempt a credible estimate of the effect of
individual-level job status on voting.

In particular, we use novel survey data to compare the intended 2020 vote choice of
individuals who experienced job loss during the pandemic to those who did not experience
employment change and control for a number of potential omitted variables that may correlate
with job loss and vote choice. Unlike analysis that exploits geographic differences in
unemployment, our analysis allows us to focus on individual-level experiences, holding
geographic context fixed in certain specifications. We examine the effects of individual-level
changes in employment rather than aggregate levels, which we argue, in the context of the
economic disruptions wrought by COVID-19, is less likely to reflect omitted variables that might
also explain changes in vote choice and turnout. Our main results show that individuals who lose
their jobs are less likely to report an intended vote for Donald Trump, the Republican candidate,
in the 2020 presidential election. This is true even when accounting for reported 2016 vote
choice.

Much of the recent work on the economic consequences of COVID-19 examines macro-
level effects, e.g., the effect of the pandemic on unemployment, investment, businesses, etc.
(Chodorow-Reich and Colgianese, 2020; Fairlie, 2020). However, examining these



consequences at the individual-level is necessary to understand individual-level response and
provides novel evidence about an important question in political science. We return to the
question of whether the patterns uncovered using the relationship between COVID-19 induced
unemployment and voting are valid for understanding economic voting more generally in the
discussion.

Data and Methods

Our analysis is based on data collected from a weekly survey run from mid-April to early July
2020. The survey was fielded on a convenience sample provided by the survey vendor Lucid. To
allow for more representative samples, Lucid relies on quota sampling to recruit online
participants to match Census benchmarks (Coppock and McClellan, 2019). Data collection for
the study occurred over 12 weeks, with approximately 1000 respondents recruited each week,
resulting in a final sample of 12,235 respondents in this rolling cross section. At the beginning of
the survey, individuals were asked about their employment status, both at the time of the survey
and on January 1, 2020, as well as the industry of their most recent job. Additionally, we
collected demographic data on respondents’ partisanship, age, education, gender, and race and
ethnicity, which are included in the analysis as covariates (see Appendix A for question wording
and coding details). While Lucid samples are not substitutes for nationally probability samples,
their lower cost allows us to assemble a larger sample over time. We assess robustness to
weighting the sample below, but note concerns about representativeness affect extrapolation to
other populations rather than the validity of the estimates for this sample.

Unemployment in the United States reached an all-time high in April 2020 as a result of
the spread of COVID-19 and government policies such as “lockdowns” in many states.! Our
identification strategy leverages changes in employment due to these disruptions. In contrast to
other studies on economic voting, which often measure economic attitudes with questions and
beliefs about the economy and unemployment, we instead measure employment status by asking
whether the respondent was employed (and to what extent) on January 1, 2020 and whether they
were currently employed. The unemployment change measure has two advantages over
perceptions measures.

First, this question is asked as part of a set of demographic measures at the beginning of
the survey, prior to content about COVID-19 and intended 2020 vote choice. This means that
exposure to content about the handling of the pandemic does not prime or induce respondents to
misreport their employment statuses (either pre- or during pandemic). Second, we believe it is
less likely to be affected by misreporting, both because it is a clear factual item and because any
incentive to portray the incumbent in a good (or bad) light likely affects reports for both periods.
That is, if the tendency to “cheerlead” for one’s party is constant, it would bias how respondents
report their employment statuses similarly in both periods, so that the difference between the two
would still provide an unbiased assessment of changes in economic standing. This logic also
applies to concerns about recall bias that may arise from asking individuals to remember their
employment status from a few months prior.” Table A2 in the appendix shows that 2016
Democratic voters are more likely than 2016 Republican voters to report both increases and
decreases in employment status in our dataset, implying that partisan bias does not lead to
Democrats uniformly reporting only diminished economic standing and also highlighting the
different vulnerability of respondents to employment variability by partisanship.

We construct two measures of changes in employment status using the questions about
employment on January 1, 2020 and at the time of the survey. The first measure is a general



measure of job loss in which we code whether an individual’s employment status improved,
worsened, or stayed the same. We consider one’s status improved if 1) they were previously not
working (e.g., were temporarily laid off, unemployed, retired, etc.) and are now either working
part or full time or 2) they were previously working part time and are now working full time.
Conversely, we code individuals’ status as having worsened if 1) they were previously working
full time and now are not working full time (e.g., working part time, temporarily laid off, etc.) or
2) they were previously working part time and now not working. If an individual’s previous
employment matches their employment at the time of the survey, we code them as having no
change.

Our second measure of job change refines the first measure by assigning values to
indicate the magnitude of the change in employment status. This scaled measure ranges takes on
discrete values from -2 to 2, where 0 indicates no change in employment status, a value of -2 (2)
indicates changes from working full time to not working at all (not working at all to working full
time), and a value of -1 (1) indicates either going from working full time to working part time
(working part time to working full time) or going from working part time to not working at all
(not working at all to working part time).

The outcome of interest is a respondent’s intended vote choice in the 2020 general
election. Respondents could indicate an intended vote choice for the likely Republican candidate,
Donald Trump, the likely Democratic candidate, Joe Biden, another candidate, or an intention to
abstain from voting. For ease of interpretation, we follow Huber and Arceneaux (2007) and code
the vote choice outcome as a Republican Vote Intention scale, with an intended Democratic vote
choice taking a value of -1, an intended Republican vote choice taking a value of 1, and a third-
party choice or abstention as 0. We discuss robustness to alternative codings of this outcome
below after presenting the main results.

Our key identification assumption is that, conditional on the covariates included in the
model, which includes 2016 vote, there is no omitted factor that causes change in vote choice
that is also correlated with the change in an individual's unemployment status, other than those
effects that operate through changes in job status. This is a restatement of the standard exclusion
restriction assumption. Because our model operates in changes, it is a less restrictive assumption
than in cross-sectional analysis. Additionally, for the reasons outlined above, we believe the
assumption is less likely to be violated by correlated measurement error than when using generic
economic perceptions measure to account for economic circumstances. Finally, the economic
disruptions associated with COVID-19 provide a plausibly exogenous source of variation in
individual-level employment status. Unlike other measures of job loss, which are more likely to
rely on variation in employment induced by changes in certain sectors of the economy or
individual-level factors that cause certain people to be more likely to lose their jobs, the
employment shocks that arose due to COVID-19 are less likely to originate in (unobserved)
factors that both explain vote choice and also predict changes in certain industries or who is most
likely to lose their job. Nonetheless, we might still expect industry- and state-level variability in
the unemployment effects of the COVID-19 pandemic. For this reason, we test the robustness of
our results to accounting for state and industry of employment which provides some reassurance
that our results are not driven by some otherwise omitted factor.?

Results
In our primary specifications, we use OLS regression analysis to estimate the effect of changes in
employment on vote choice. We present results from our main analysis using the 12,235



respondents in our survey. Table Al in the appendix reports the distribution of respondents
across various demographic categories, which approximate U.S. population statistics according
to Census data. Additionally, Table A2 in the appendix displays cross-tabulated frequencies for
two of our key independent variables, employment change and 2016 vote choice. A majority of
respondents in the sample report retaining their employment status at the time of the survey, but
13.6% experienced a worsening and 4.81% experienced an improvement.

To account for baseline candidate preferences, as well as omitted factors that may
explains changes in vote choice and correlate with changes in employment status, our model
includes a variety of covariates. First, we include the respondent’s reported vote choice in 2016.*
We chose 2016 vote over partisanship out of concerns that self-identified partisanship, in
particular being a partisan “leaner", would change with contemporaneous vote choice. We
explore the robustness of our results to including reported partisanship below.

Second, we control for a variety of standard demographic measures. In particular, we
include: age, gender, education, race, and ethnicity. Each covariate enters into the regression as
an indicator variable for the relevant levels of the variable (e.g., age is recoded into categories
and each age category has its own indicator). In the following analyses, the reference (omitted)
category for each covariate is the category containing the modal survey respondent (see
Appendix A for more details, including complete coding rules).’

Our main results are presented in Figure 1. We regress a respondent’s intended 2020 vote
choice on the employment measures as indicators and a set of covariates and plot the point
estimates in coefficient plots with 95% confidence intervals. For convenience, we report the
coefficients from the main employment change variables in Figure 1. A table version of the
regression specification, including covariates estimates, is provided in the Appendix Table A3.
The left pane of Figure 1 presents estimates from a specification using the job change indicator
measure, while the right pane presents estimates using the scale measure. The reference
employment category for both specifications is respondents who did not experience a change in
employment between January 1, 2020 and the time they took the survey.

These results in the left pane provide clear evidence that changes in employment status
are associated with changes in reported vote intentions. Respondents whose employment status
worsened are less likely to report an intended Trump vote in the 2020 election. The -0.062
(p<0.01) unit estimate of reduced employment from Table A3 means that someone who voted
for Trump in 2016 is 6 points more likely to abstain or 3 points more likely to intend to vote for
Biden. The estimates for the covariates are provided in the appendix and generally show that
voters who are non-white and who are more educated are also less likely to report an intended
vote for Trump, even after accounting for their 2016 vote. In the right pane of Figure 1, we see
that the effect of going from working full-time to not working makes one 0.073 units less likely
to vote for Trump, a slightly larger effect than of either going from full to part-time or going
from part-time to not working. In both specifications, there is no substantively important or
statistically significant effect of job change for respondents who saw their employment situations
improve.

While we rely on results from ordinary least squares regression for our main analysis, we
acknowledge concerns related to assumptions about the cardinality and ordering of the outcome
variable which is coded trichotomously from a Democratic Vote (-1) to abstention (0) and a
Republican Vote (1). For example, it may be that the change in circumstances necessary to move
someone from a Democratic vote to abstention is smaller than the change required to move
someone from abstention to a Republican vote. To address this concern, we run an ordered



logistic regression of Republican Vote Intention on the same set of covariates and present the log
odds estimates in Table A4 in the appendix. This specification eliminates the cardinality
assumption. We find that the estimates on the indicators for job loss, either as an indicator or as a
scale measure, are still statistically significant and negative.®

We can go further, however. In both the OLS and ordered logit models, we assume that
intent to abstain is between an intended vote for Biden and an intended vote for Trump. But it
may be the case that the effect of job loss is to move someone directly from a Republican vote to
a Democratic vote and abstention is perhaps better modeled as a distinct outcome. To account for
this possibility, we examine the robustness of our results when using a multinomial logistic
specification, which makes no assumption about the ordering of the discrete outcomes. In
particular, Figure A2 plots the predicted probabilities of each category of Republican Vote
Intention (i.e., intended vote for Biden/Democrats, Trump/Republicans, or Abstain), with the top
row showing the indicator-based coding and the bottom row showing the scale-based coding of
change in employment.” From a baseline of abstention, we find that worsened employment status
is strongly predictive of an intended Democratic vote, but that there is no effect of change on
employment on transition between abstention and intended Republican vote. This is in line with
the results from the OLS and ordered logit specifications and suggests that the negative estimates
reported above on intended Republican vote are due to movement towards an intended
Democratic vote rather than toward abstention. This can be more readily seen in Figures A3-AS5
where we break out the predicted probabilities from Figure A2 by a respondent’s 2016 vote
(Table A6 presents these as log odds). When someone’s employment worsened, the net effect is
decreased Republican support (for some groups, the predicted probability of both Democratic
and Republican votes increases, but the former by more than the latter). This supplementary
analysis (Figure A3) shows that respondents who voted for Clinton in 2016 were more likely to
report a Trump vote intention in 2020 if their recent employment status improved. While we
primarily focus on the effect of job loss because it is more prevalent, we note this evidence is
inconsistent with a strong partisan cheerleading account in which Democratic voters would not
report improved economic standing or intention to switch to voting for a Republican.

Finally, we perform a series of additional analyses to test the robustness of our main OLS
results, with each different specification reported as a panel in Figure 2. First, in Panel A we
control for industry of employment, because changes in voting may plausibly be affected by
macroeconomic changes for different industries independent of the effect of COVID-19. We
continue to estimate that reduced employment is associated with reduced support for Trump (-
0.057, p<0.01). Second, in Panel B, we add state fixed effects to the industry fixed effects
specification, to account for the possibility that there are also state-level changes in conditions
that affect vote changes independent of COVID-19. The estimated effect of job loss is again
negative and significant (-0.054, p<0.01). Panel C is restricted to a much smaller sample, those in
the labor force in January 2020 (N=6,641). Even in this smaller sample, we continue to estimate
a negative effect of job loss on Republican vote intention (-0.063, p<0.01).

In Panel D we replace the 2020 vote dependent variable with a change in vote intention
measure, coded so that positive (negative) values indicate being more likely to vote for the
Republican (Democrat) compared to 2016.8 This means we also drop the 2016 vote indicators
from the specification, but the scale range expands to run from -2 to 2. We estimate that the
effect of a worsened employment status, while slightly smaller than the previous specifications,
is nonetheless negative and significant (-0.047, p<0.01). In Panel E we return to our original
outcome variable, but we drop 2016 vote as a covariate out of concern that people may misreport



their 2016 vote to align with their contemporaneous preferences. This increases the magnitude of
the effect of job loss (-0.114, p<0.01). Finally, in Panel F, we add indicators for the standard 7-
point partisanship scale and find that the estimated effect of job loss is again similar to the main
effect and other robustness specifications (-0.043, p<0.01).

Overall, across our core specification and a number of robustness specifications, we find
persistent evidence that individuals whose employment situation worsened are less likely to
support the incumbent president. One potential limitation of our analysis is that we draw on a
non-probability sample gathered using the internet. To understand whether results would likely
be different using different sampling strategies, we rerun the main analysis after reweighting our
data on race, education, and age to approximate Census population proportions (details about
weighting procedure are provided in Appendix B). As shown in Table A8, the main effects of
experiencing job loss are similar to those in the main analysis (as shown in Figure 1 or Table
A3). When we partition change in job status further, the indicator for “Worsened by 1 unit” is no
longer significant. Regardless of the specifics of sample construction, we view our key
contribution as a more plausible strategy for estimating the causal effect of job loss,
acknowledging that effects could be different outside of this sampling frame.

The Role of Blame and Responsibility Attribution

Work in political science also considers the role of blame attribution in linking personal
experience to electoral choices (Rudolph, 2003; Gomez and Wilson, 2001). If individuals do not
assign responsibility for outcomes to government, then even changes in economic standing may
not affect vote choice (Feldman, 1982; Peftley, 1984). Additionally, the possibility that
individuals engage in biased assignment, shifting blame for bad outcomes away from co-partisan
incumbents and toward other actors or levels of government may undercut accountability (Enns,
Kellstedt, and McAvoy, 2012; Malhotra and Kuo, 2008). Considerations of blame attribution do
not call into question our main result about the average effect of job loss, which we note is
present in both parties. Nonetheless, while we lack a credible way to assess the effect of blame
attribution in the absence of exogenous manipulation of blame, we can use other items from our
survey to conduct a partial exploration of the relationship between job loss and blame attribution.

To begin with, we use two items we asked in our survey to measure the relationship
between job loss and proxies of blame attribution: 1) approval of Trump’s response to the
pandemic and 2) approval of the federal response to the pandemic. Figure A6 in the appendix
presents coefficient estimates from an OLS regression of each of the approval outcomes on job
loss (using the scale measure) with the same set of covariates used in our main specification (in
Figure 1, Panel 2). These regressions are run separately on Democratic and Republican
respondents. If blame attribution is strongly influenced by partisan concerns, we would expect
Democrats (Republicans) to blame Republican Trump for bad (good) news but not to assign him
responsibility for good (bad) news. Contrary to this pattern, we find that Democratic respondents
who lose their jobs are less approving of both Trump’s and of the federal government’s response
to the pandemic, whereas Democratic respondents who gained jobs were more favorable along
both dimensions. Republican respondents, on the other hand, were no more nor less approving of
either Trump or the federal government regardless of changes in their employment status. At
face, this suggests partisan differences in blame attribution will not fully undercut the
relationship between changes in employment status and voting.

Additionally, if we assume blaming Trump is the attribution mechanism that links change
in employment to vote choice, we can conduct a two-stage least squares analysis in which we



instrument for responsibility attribution using change in employment status. That is, in the first
stage regression we predict approval of Trump’s handling of the pandemic using our standard
control variables, as well as change in employment. In the second stage, we then regress 2020
vote intention on the instrumented (predicted) value of Trump approval and the remaining first-
stage control variables (i.e., excluding job change). Subject to standard exclusion restriction
assumptions about how the effect of job loss on voting operates only through changes in
approval, this provides an unbiased estimate of the effect of changes in employment on vote
choice as mediated through change in blame attribution. In Figure A7, we see that for both
Republican and Democratic respondents, the changes in Trump approval due to job loss are
significantly correlated with a Republican vote intention. The magnitude is larger for
Republicans than Democrats. The estimate is significant for Democrats at the 5% level and for
Republicans at the 10% level. This provides suggestive evidence that responsibility attribution
mediates the effect of job loss, though the effect varies by partisanship.

Discussion

In this paper, we examine how vote choice is affected by a change in an individual's personal
economic circumstances, and in particular, changes in their employment status. The
unprecedented shock to employment due to the COVID-19 pandemic presents a setting in which
we can estimate these effects while being less concerned about issues related to omitted variable
bias or misreporting on surveys. We use novel data from a survey fielded during the initial
months of the pandemic to compare the intended 2020 vote choice across respondents who
experienced varying levels of changes in their economic situations. Our analysis shows that
individuals whose economic situations worsened during the pandemic are significantly less
likely than individuals whose situation did not change to report an intended vote for the
incumbent president, Republican Donald Trump, in the 2020 election. This result is robust to a
variety of different model specifications and strongly suggests that individuals change their vote
choice based on changes in personal economic circumstances.

As with all research, there are limitations to our approach. The first limitation is that our
estimates of the effect of COVID-19 related job loss are likely lower bounds. The effect of
changes in the economy on voting can occur through both egotropic and sociotropic
mechanisms. We estimate only the effect of change in personal experience, but if other
individuals become more pessimistic about the incumbent when they observe different
individuals losing their jobs, as happened in early 2020, then comparing those who do and do not
lose a job will understate the effect on those who lose a job. A second limitation is that we
cannot speak to the underlying psychological mechanisms by which job loss reduces incumbent
support, although we can provide a less biased estimate of this effect than in approaches that
exploit cross-sectional variation in employment. Nevertheless, our estimates represent the mean
effect of job loss, averaged across different groups.’ Finally, measurement error also likely
attenuates our estimates. We code employment change into at most five categories, but many
people also experienced more moderate declines in their well-being without having their
employment change.

More broadly, as with most studies that rely on an exogenous shock for identification, the
context in which the shock occurs has implications for the generalizability of the results. While
the Coronavirus pandemic is unprecedented in recent history, we may question whether the
employment shocks it induces are more or less likely to be attributed to the government’s
response than shocks that occur in normal times. On the one hand, it may be the case that



because COVID-19 caused widespread economic disruption, individuals expected the incumbent
president to be responsible for fixing it, thereby providing much clearer responsibility attribution.
On the other hand, most large and open countries experienced widespread economic disruptions,
and President Trump provided a robust defense of his actions and blamed the problem on others.
In normal circumstances when someone loses a job because of local economic decline or
outsourcing, it may be less obvious why that job was lost, weakening attribution, but at the same
time, individuals who experience loss are rarely presented with an incumbent who explains that
their experience is someone else’s fault. Thus, it is therefore unclear whether to expect more or
less attribution of blame outside of the COVID-19 experience.

Nevertheless, these caveats aside, this study addresses lingering uncertainty about
whether personal economic shocks affect vote choice. Compared to prior work, we focus on a
measure of personal economic circumstances, employment status, that is less likely to be
affected by reporting biases. Additionally, we exploit changes in unemployment, rather than
levels, as induced by the unanticipated COVID-19 shock, which we argue is less likely to be
affected by omitted variables bias explaining both vote choice and employment. Our results
strongly show that one’s personal economic circumstances, in additional to national-level
economic conditions, play an important role in voters’ vote choices, and the incumbent is less
likely to garner support from those whose personal economic situation becomes worse.
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End Notes

Source: https://fred.stlouisfed.org/series/UNRATE

One could, as in Margalit (2013), measure employment status contemporaneously using
multiple waves of a panel, but that would not remove the concern that even
contemporaneous reports are affected by partisan bias. For partisan bias to affect our
estimates of the effect of job loss, this measurement error would have to not be explained
by the covariates we control for in our regression estimates, including 2016 vote choice.
We also provide robustness results for accounting for zip code in the Appendix.
Reported 2016 vote is measured by asking respondents whether they voted for either 1)
Clinton, 2) Trump, or 3) another candidate or abstained.

We do not include income, because the income measure is a contemporaneous one, and is
thereby affected by current employment. We exclude the indicator variables of the
following baseline categories in the regression specification: for age, 35 to 44 year-olds;
for education, Associate’s Degree/some college; and for gender, respondents who do not
identify as female.

For completeness, we also run a series of OLS regressions using as outcomes binary
measures of intended 2020 vote for Biden/Democrats (versus Trump and abstain/other),
Trump/Republicans (versus Biden and abstain/other), and Abstention/Other (versus
Biden/Trump). These results are provided in the Appendix in Table A9 and are similar to
the multinomial logit results, showing that people whose employment worsened were
more likely to vote for Biden/Democrats (Columns 1 and 4) and less likely to vote for
Trump/Republicans (Columns 2 and 5).

Table A5 presents the log odd ratio estimates from the full multinomial logistic
regression.

To construct the Vote Change measure, we assign the following values to the 2016 and
2020 vote choices: -1 if Democratic vote (Clinton or Biden, respectively), 0 if
abstain/vote for other, and +1 if Republican vote (Trump). We then take the difference
between the 2020 vote choice and 2016 vote choice values.

This is area of contestation, and likely to be factored into the estimates, given that
incumbents are likely to seek to avoid blame, while challengers are likely to place blame
on the incumbent (see Vavreck (2009)).
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Figures
Figure 1.
Figure 1. Effect of Change in Employment on 2020 Republican Vote Intention

(1) Indicator Measure (2) Scale Measure
Indicators : :
Employment Worsened —— : :
| |
Employment Improved —:—o— :
| |
| |
| |
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Worsened by 2 units | ——
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Worsened by 1 unit : —o—:
Improved by 1 unit : +
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Improved by 2 units : —:—o—
-2 0 2 -2 0 2

Points denote coefficients from OLS regression, with 95% confidence intervals shown as lines. Omitted employment category is no
change in employment. Republican Vote Intention is coded: -1 for Democratic candidate (Biden), 0 for abstention or other candidate, and 11
Republican candidate (Trump). See Appendix Table A3 for complete model specification.



Figure 2.
Figure 2: Robustness Specifications

(A) Industry Fixed Effects (B) Industry and State Fixed Effects
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(C) Those in January Labor Force

(D} Outcome: Vote Change
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(F) Controlling for Party ID
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Points denote coefficients from OLS regression, with 95% confidence intervals shown as lines. Omitted employment
category is no change in employment. Republican Vote Intention is coded: -1 for Democratic candidate (Biden),

0 for abstention or other candidate, and 1 for Republican candidate (Trump). See Appendix Table A6 for complete
model specification.



ONLINE APPENDIX

A. Description of Measures and Covariates
This section describes our question wording and coding decisions, and details the covariates used
in the regression specifications.

Republican Vote Intention
Our measure of Republican Vote Intention is gathered using reported intended 2020 vote choice,
with the following wording:

If an election for president were going to be held now and the Democratic nominee was
Joe Biden and the Republican nominee was Donald Trump, who would you vote for?
- Joe Biden, the Democrat/Donald Trump, the Republican/Other/I would not vote

We code 2020 vote choice as three indicators: intended vote for Biden, intended vote for Trump,
and intended abstention or vote for other. We construct the Republican Vote Intention by
combining the three indicators into one scale, with the following values: intended vote for Biden
= -1, intended vote for Trump = 1, intended abstention/other = 0.

2016 Vote Choice
Similarly, we measure 2016 vote choice by asking: Who did you vote for in the 2016 presidential
election?

- Hillary Clinton, the Democrat/Donald Trump, the Republican/Other/I did not vote

We code 2016 vote choice as three indicators: reported vote for Clinton, reported vote for
Trump, and abstention or other. The indicator for abstention or other is omitted as the reference
category in our regression specifications.

Employment Change
Our measure of employment status in January 1, 2020 and at the time of the survey is gathered

using the following two questions:

January employment: Which statement best describes your employment status on
January 1%, 2020, before the COVID-19 pandemic?

Current employment. Which statement best describes your current employment status?
In both questions, respondents were asked to select from the following options:
- Working full time, Working part time, Temporarily laid off, Unemployed,
Retired, Permanently disabled, Take care of home or family, Student, Other
We code these according to the description in the main text.
Covariates

Our main regression analysis controls for the following covariates. All covariates are measured
as categorical variables (e.g. age and income are binned). Indicators are also used for missing

16



values for each covariate. For regression adjustment, we omit the category that contains the
modal respondent. For age, we omit the indicator for 35-44-year-olds. For education, we omit the
indicator for Associate’s Degree/some college. For gender, we omit respondents who do not
identify as female. We do not include income, because the income measure is a
contemporaneous one, and is thereby affected by current employment

The following items are provided by the survey vendor:
- Age in years, entered as categories (under 25, 25-34, 35-44, 45-54, 55-65, over 65)
- Gender, entered as categories (female, not female)
- Education, entered as categories (as provided by Lucid)
- Race, entered as categories (Black, Hispanic/Latino, and Asian, baseline category is
white, non-Hispanic)

Blame Attribution Items

The two outcomes of governmental approval were measured using the following 5-point
response items. For substantive interpretation, we coded higher values as indicating a more
positive approval or evaluation of response.

Trump Approval. How strongly do you approve or disapprove of how President Trump is
handling the coronavirus pandemic in the United States?
- Strongly disapprove/Somewhat disapprove/Neither approve nor disapprove/Somewhat
approve/Strongly approve

Federal Approval: Do you think the Federal government’s response to the coronavirus outbreak
has been insufficient, appropriate, or too extreme?
- Not at all sufficient/Somewhat insufficient/Appropriate/Somewhat too extreme/Much too
extreme

B. Survey Sample Reweighting

For robustness, we present regression specifications that include population weights to address
concerns about sample representativeness. We create survey weights based on the following
demographics: education crossed with age (data from CPS,
https://www.census.gov/data/tables/2016/demo/education-attainment/cps-detailed-tables.html),
and race (data from CPS, Table 1-1, https://www.census.gov/data/tables/2016/demo/education-
attainment/cps-detailed-tables.html). Survey weights are created using the survwgt module in
Stata (Winter, 2002). For more details, please refer to
https://ideas.repec.org/c/boc/bocode/s427503.html.
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APPENDIX TABLES

Table Al. Survey Demographics

Female

Race

White (Non-Hispanic)
Asian (Non-Hispanic)
Black (Non-Hispanic)
Hispanic

Age Group

< 25 years old

25-34 years old

35-44 years old

45-54 years old

55-65 years old

> 65 years old
Education
Some high school
High school diploma/GED
Associate's Degree/Some College
Bachelor's Degree
Graduate Degree
Other

Household Income
<$20,000

$20,000 - $29,999
$30,000 - $44,999
$45,000 - $59,999
$60,000 - $79,999
$80,000 - $99,999
$100,000 - $149,999
$150,000 - $199,999
$200,000+

Prefer not to say
Partisanship
Democrats (w/ leaners)
Republicans (w/ leaners)
Independents

Total

6428

9219
667
1561
1548

1537
2189
2290
1953
2207
2059

359
3448
2997
3445
1940

46

2764
1418
1784
1514
1479
803
1162
509
398
404

5405

5176

1654
12235

Mean
0.525

0.753
0.055
0.128
0.127

0.126
0.179
0.187
0.16
0.18
0.168

0.029
0.282
0.245
0.282
0.159
0.004

0.226
0.116
0.146
0.124
0.121
0.066
0.095
0.042
0.033
0.033

0.442
0.423
0.135

Notes: Data were collected over a 12 week period from Lucid.
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Table A2. Crosstabulation of Employment Change and 2016 Vote Choice

Voted Republican Voted Democrat  Voted Other/Abstained

in 2016 in 2016 in 2016
Employment Worsened by 2 units 276 319 210
Employment Worsened by 1 unit 294 337 234
No employment change 3906 3638 2432
Employment Improved by 1 unit 130 159 72
Employment Improved by 2 units 91 105 32
Net Job Change -349 -392 -340

Notes: Cells contain counts of respondents. The total sample size is 12235. Negative values for Net Job
Change denote overall job loss.

Table A3. Change in Republican Vote Intention by Job Loss/Gain

DV: Republican Vote Intention Il\l/ll(i;c:ut:: Mseiizifre
&) 2
Voted Democrat in 2016 -0.675%** -0.675%**
(0.017) (0.018)
Voted Republican in 2016 0.882%** 0.882%**
(0.018) (0.018)
Employment Worsened -0.062%**
(0.017)
Employment Improved 0.027
(0.030)
Employment Worsened by 2 units -0.073%**
(0.023)
Employment Worsened by 1 unit -0.051%**
(0.023)
Employment Improved by 1 unit 0.009
(0.040)
Employment Improved by 2 units 0.055
(0.044)
Race, Black -0.163*** -0.163***
(0.019) (0.019)
Race, Asian -0.112%%** -0.112%%*
(0.030) (0.030)
Race, Other -0.121%** -0.121%**
(0.036) (0.036)
Hispanic/Latino -0.005 -0.005
(0.028) (0.028)
Female -0.040%** -0.040%**
(0.012) (0.012)
Age: Under 25 -0.038 -0.038
(0.024) (0.024)
Age: 25-34 -0.009 -0.008
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Age: 35-44

Age: 55-65

Age: 65 and older
Educ.: < High School
Educ.: High School/GED
Educ.: BA

Educ.: Graduate
Educ.: Other

Week =2

Week =3

Week =4

Week =5

Week =6

Week =7

Week =8

Week =9

Week =10

Week =11

Week =12

Constant

N
R-squared

(0.020)
0.026
(0.019)
-0.020
(0.019)
-0.027
(0.019)

0.135%:*x*

(0.039)
0.041%*
(0.017)

20,048+

(0.016)

-0.052%**

(0.018)
0.053
(0.098)
0.045
(0.029)
0.016
(0.029)
-0.025
(0.027)
0.012
(0.028)
0.046
(0.029)
0.061%*
(0.028)
0.020
(0.029)
0.028
(0.028)
-0.012
(0.030)
-0.030
(0.029)
-0.026
(0.028)
-0.051*
(0.031)

12,235
0.552

(0.020)
0.026
(0.019)
-0.020
(0.019)
-0.028
(0.019)

0.135%:*x*

(0.039)
0.041%*
(0.017)

20,048+

(0.016)

-0.052%**

(0.018)
0.053
(0.098)
0.046
(0.029)
0.017
(0.029)
-0.025
(0.027)
0.012
(0.028)
0.047
(0.029)
0.061%*
(0.028)
0.021
(0.029)
0.028
(0.028)
-0.011
(0.030)
-0.029
(0.029)
-0.026
(0.028)
-0.051%*
(0.031)

12,235
0.552

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. The
dependent variable is reported intended vote in the 2020 presidential election
taking on discrete values from -1 to 1. Intended vote for Democrats/Joe Biden
= -1, intended abstention = 0, and intended vote for the GOP/Donald Trump =

1.
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Table A4. Change in Republican Vote Intention by Job Loss/Gain, Ordered Logit

DV: Republican Vote Intention Indicator Scale Measure
Measure
&) @)
Voted Democrat in 2016 =227 7H** Q.27 THR*
(0.065) (0.065)
Voted Republican in 2016 2.592%%* 2.592%%%*
(0.066) (0.066)
Employment Worsened -0.214%%*
(0.067)
Employment Improved 0.121
(0.126)
Employment Worsened by 2 units -0.270%**
(0.093)
Employment Worsened by 1 unit -0.164*
(0.090)
Employment Improved by 1 unit 0.056
(0.159)
Employment Improved by 2 units 0.238
(0.198)
Race, Black -0.576%** -0.577%**
(0.078) (0.078)
Race, Asian -0.345%** -0.345%%**
(0.102) (0.102)
Race, Other -0.387*%* -0.385%**
(0.136) (0.136)
Hispanic/Latino -0.044 -0.045
(0.109) (0.109)
Female -0.138%#%* -0.139%**
(0.046) (0.046)
Age: Under 25 -0.107 -0.111
(0.084) (0.085)
Age: 25-34 -0.014 -0.014
(0.074) (0.074)
Age: 35-44 0.114 0.113
(0.073) (0.073)
Age: 55-65 -0.071 -0.073
(0.076) (0.076)
Age: 65 and older -0.098 -0.101
(0.078) (0.078)
Educ.: < High School 0.368%** 0.368%**
(0.111) (0.111)
Educ.: High School/GED 0.145%** 0.145%*
(0.060) (0.060)
Educ.: BA -0.204*** -0.203***
(0.065) (0.065)
Educ.: Graduate -0.1971%* -0.193#*
(0.082) (0.082)
Educ.: Other 0.275 0.270
(0.261) (0.259)
Week =2 0.148 0.150
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(0.115) (0.115)
Week =3 0.028 0.030
(0.115) (0.115)
Week =4 -0.123 -0.122
(0.105) (0.105)
Week =5 -0.006 -0.006
(0.110) (0.110)
Week = 6 0.186* 0.190*
(0.111) (0.111)
Week =7 0.207* 0.206*
(0.111) (0.112)
Week =8 0.032 0.033
(0.112) (0.112)
Week =9 0.070 0.071
(0.107) (0.107)
Week =10 -0.091 -0.090
(0.115) (0.115)
Week =11 -0.149 -0.148
(0.114) (0.114)
Week =12 -0.138 -0.137
(0.110) (0.110)
Constant Cut 1 -0.458%%** -0.459%**
(0.111) (0.111)
Constant Cut 2 0.409%** 0.408***
(0.111) (0.111)
N 12,235 12,235

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. The dependent variable
is reported intended vote in the 2020 presidential election taking on discrete values from -1 to
1. Intended vote for Democrats/Joe Biden = -1, intended abstention = 0, and intended vote for
the GOP/Donald Trump = 1.

Table AS. 2020 Vote Intention by Job Loss/Gain, Multinomial Logit

Indicator Measure Scale Measure
. . Vote Vote Vote Vote
DV: Republican Vote Intention Democrat Republican Democrat Republican
(1) (2) 3) )
Voted Democrat in 2016 3.508%** 1.524%** 3.509%** 1.523%**
(0.112) (0.125) (0.112) (0.125)
Voted Republican in 2016 1.480%*** 3.999%*** 1.483*** 4.001***
(0.131) (0.124) (0.132) (0.124)
Employment Worsened 0.216%* -0.080
(0.109) (0.117)
Employment Improved -0.421%* -0.294
(0.181) (0.186)
Employment Worsened by 2 units 0.351** 0.008
(0.152) (0.164)
Employment Worsened by 1 unit 0.099 -0.154
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Employment Improved by 1 unit
Employment Improved by 2 units
Race, Black

Race, Asian

Race, Other
Hispanic/Latino

Female

Age: Under 25

Age: 25-34

Age: 35-44

Age: 55-65

Age: 65 and older

Educ.: < High School
Educ.: High School/GED
Educ.: BA

Educ.: Graduate

Educ.: Other

Week =2

Week =3

Week =4

Week =5

Week =6

Week =7

Week =8

Week =9

Week =10

0.010
(0.111)
-0.021
(0.146)

0.025
(0.199)
-0.013
(0.155)

-0.207%**
(0.076)

0.108
(0.133)

-0.376%%*
(0.123)
0.241%
(0.126)

0.347%%x
(0.133)

0.567%*
(0.149)

-0.909%%**
(0.190)

L0.357%%*
(0.097)

0.34] %+
(0.108)

0.386%*
(0.155)
0.931*
(0.495)
-0.200
(0.192)
0.054
(0.195)
-0.104
(0.174)
0.052
(0.187)
-0.111
(0.188)
-0.389%*
(0.188)
-0.286
(0.182)
-0.191
(0.176)
-0.204
(0.181)

-0.933%%%*
(0.127)
L0.547%%*
(0.167)
-0.584%%*
(0.214)
-0.030
(0.167)
-0.420%**
(0.079)
-0.050
(0.142)
-0.438%%*
(0.130)
-0.111
(0.131)
0.264*
(0.141)
0.447%%x
(0.155)
-0.347*
(0.187)
-0.189%
(0.101)
0.108
(0.115)
0.135
(0.159)
-0.845
(0.534)
0.017
(0.199)
0.141
(0.203)
-0.236
(0.184)
0.112
(0.195)
0.118
(0.197)
-0.094
(0.192)
-0.206
(0.192)
-0.061
(0.184)
-0.281
(0.194)

(0.145)
-0.419%
(0.219)
-0.418
(0.308)
0.014
(0.111)
-0.015
(0.146)
0.025
(0.199)
-0.009
(0.156)
-0.205%**
(0.076)
0.120
(0.134)
-0.377%%*
(0.123)
-0.240%
(0.126)
0.352%%*
(0.133)
0.572%%x
(0.149)
L0.912%%*
(0.190)
-0.358%**
(0.097)
0.338%%*
(0.108)
0.385%*
(0.155)
-0.914%*
(0.494)
-0.207
(0.192)
0.049
(0.195)
-0.108
(0.175)
0.049
(0.187)
-0.117
(0.188)
-0.393%*
(0.188)
-0.288
(0.182)
-0.193
(0.176)
-0.206
(0.181)

(0.156)
-0.394%*
(0.233)
-0.127
(0.299)
-0.930%%*
(0.127)
-0.540%**
(0.168)
-0.582%**
(0.214)
-0.027
(0.167)
-0.419%%*
(0.079)
-0.040
(0.142)
-0.439%%*
(0.130)
-0.110
(0.131)
0.268*
(0.141)
0.45]%%x
(0.155)
-0.351*
(0.187)
-0.190%
(0.101)
0.106
(0.115)
0.132
(0.158)
-0.827
(0.534)
0.014
(0.199)
0.138
(0.203)
-0.238
(0.184)
0.111
(0.195)
0.117
(0.197)
-0.098
(0.193)
-0.206
(0.192)
-0.060
(0.184)
-0.279
(0.194)
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Week =11 0.098 -0.055
(0.185) (0.196)
Week =12 -0.098 -0.250
(0.186) (0.197)
Constant 0.377** 0.350%
(0.183) (0.193)
N 12,235 12,235

0.094
(0.186)
-0.098
(0.186)

0.374%*
(0.183)

12,235

-0.056
(0.196)
-0.248
(0.197)
0.347*
(0.193)

12,235

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. The dependent variable is reported intended
vote in the 2020 presidential election taking on discrete values of -1 (Vote Democrat), 0 (Abstain) or 1 (Vote

Republican). Estimates are log odd ratios from multinomial logistic regressions with “Abstain” as the base value.

Table A6. 2020 Vote Intention by Job Loss/Gain, Multinomial Logit by 2016 Vote

Indicator Measure Scale Measure
. . Vote Vote Vote Vote
DV: Republican Vote Intention Democrat Republican Democrat Republican
@) 2) A3) “4)
(i) Voted Democrat in 2016
Employment Worsened -0.525%* -1.094 %
(0.249) (0.305)
Employment Improved -0.492 -0.048
(0.366) (0.398)
Employment Worsened by 2 units -0.426 -1.324%%*
(0.351) (0.457)
Employment Worsened by 1 unit -0.607%* -0.933%*%*
(0.307) (0.373)
Employment Improved by 1 unit -0.437 0.017
(0.469) (0.501)
Employment Improved by 2 units -0.579 -0.147
(0.542) (0.605)
Constant 4.7757*** 1.963*** 4.7754%** 1.973%**
(0.557) (0.630) (0.558) (0.631)
N 4,558 4,558 4,558 4,558
(ii) Voted Republican in 2016
Employment Worsened -0.101 -0.442
(0.325) (0.302)
Employment Improved -0.012 -0.273
(0.521) (0.484)
Employment Worsened by 2 units -0.313 -0.643*
(0.423) (0.389)
Employment Worsened by 1 unit 0.099 -0.252
(0.442) 0.411)
Employment Improved by 1 unit 0.277 -0.199
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Employment Improved by 2 units

Constant

Employment Worsened

Employment Improved

Employment Worsened by 2 units

Employment Worsened by 1 unit

Employment Improved by 1 unit

Employment Improved by 2 units

Constant

N

(0.663)

-0.599
(0.830)
2.927%%* 5.527%%* 2.972%%*
(0.818) (0.793) (0.820)
4,697 4,697 4,697
(iii) Abstained in 2016
0.358%** 0.288*
(0.132) (0.149)
-0.263 -0.762%*
(0.242) (0.330)
0.529%**
(0.187)
0.212
(0.172)
-0.403
(0.293)
0.020
0.417)
-0.280 0.089 -0.280
(0.239) (0.254) (0.239)
2,615 2,615 2,615

(0.632)
0.411
(0.722)

5.562%%
(0.795)

4,697

0.444%%
(0.201)
0.147
(0.204)
L0.822%*
(0.386)
-0.631
(0.604)
0.089
(0.254)

2,615

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. The dependent variable is
reported intended vote in the 2020 presidential election taking on discrete values of -1 (Vote Democrat),
0 (Abstain) or 1 (Vote Republican). Estimates are log odd ratios from multinomial logistic regressions
with “Abstain” as the base value. Sections (i)-(iii) restrict the sample based on respondent’s 2016 vote.
For brevity, we omit the coefficients on the covariates (race, gender, population density, education,

income, and week).

Table A7. Robustness Specifications

Industry January No 2016
Ind;lgtry + State Labor C:ote Vote Party ID
FE Force ange Choice
1) 2 A3) “) (%) (6)
Employment Worsened -0.057**%  -0.054*** -0.063*** -0.047***  -0.114%%*  -0.043%**
(0.018) (0.018) (0.019) (0.018) (0.024) (0.016)
Employment Improved 0.013 0.015 0.034 0.042 0.015 0.010
(0.023) (0.023) (0.053) (0.033) (0.039) (0.029)
Voted Democrat in 2016 -0.677*F**  -0.675%** -0.679%** -0.413***
(0.021) (0.021) (0.025) (0.019)
Voted Republican in 2016 0.873%** 0.868%** 0.882%** 0.517%**
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Strong Democrats
Weak Democrats
Democrat Leaners
Republican Leaners
Weak Republicans
Strong Republicans

Race, Black
Race, Asian
Race, Other
Hispanic/Latino
Female

Age: Under 25
Age: 25-34

Age: 35-44

Age: 55-65

Age: 65 and older

Educ.: < High School

Educ.: High School/GED

Educ.: BA

Educ.: Graduate

Educ.: Other

Week =2

Week =3

Week =4

Week =5

Week =6

(0.025)

-0.169%***

(0.022)
-0.109%%*

(0.031)
0.117%%*

(0.037)
-0.010

(0.029)
-0.024

(0.014)
-0.042

(0.041)
-0.009

(0.021)
0.020

(0.019)
-0.014

(0.023)
-0.021

(0.019)
0.125%%*

(0.044)
0.037%*
(0.016)

-0.045%*

(0.017)
-0.049%*
(0.019)
0.061

(0.103)
0.044
(0.029)
0.016

(0.026)
-0.027

(0.027)
0.009

(0.029)
0.046

(0.034)

(0.025)

-0.177%**

(0.023)
0,094

(0.029)
-0.113%%*

(0.037)
-0.009

(0.028)
-0.028*

(0.013)
-0.046

(0.041)
-0.018

(0.021)
0.018

(0.019)
-0.017

(0.022)
-0.020

(0.020)
0.121%*

(0.044)
0.034*

(0.017)
-0.044%%

(0.017)
-0.042%*

(0.019)
0.039

(0.107)
0.044

(0.028)
0.017

(0.026)
-0.028

(0.026)
0.005

(0.029)
0.045

(0.033)

(0.026)

L0.180%*x
(0.025)
L0.157%%x

(0.035)
S0.118%%*

(0.044)
-0.016

(0.033)
L0.047%%x
(0.016)
-0.042

(0.031)
-0.028

(0.023)
0.010

(0.022)
-0.040

(0.026)
0.012

(0.031)
0.188%**

(0.062)
0.027

(0.024)
-0.032

(0.022)
-0.045%

(0.024)
0.017

(0.206)
0.027

(0.037)
-0.029

(0.036)
-0.068*

(0.035)
-0.016

(0.036)
0.042

(0.036)

-0.013
(0.019)
-0.062%*

(0.031)
-0.080%*

(0.039)
0.035

(0.029)
-0.003

(0.012)
-0.044%*

(0.025)
0.004
(0.020)
0.023

(0.019)
-0.004

(0.020)
-0.005

(0.019)
0.092%*

(0.041)
0.019
(0.017)
-0.036%*

(0.017)
-0.022
(0.019)
-0.029

(0.106)
0.061%*

(0.031)
0.027

(0.030)
-0.016

(0.028)
0.007

(0.029)
0.057*

(0.030)

-0.658***

(0.022)
-0.328%%

(0.037)
-0.296%**

(0.046)
-0.113%#*

(0.035)
-0.195%%*

(0.017)
-0.090%**

(0.031)
-0.060%*

(0.028)
0.048*

(0.028)
-0.053*

(0.028)
-0.059%*

(0.030)
0.188%**

(0.047)
0.089%**

(0.023)
-0.063 %%

(0.023)
-0.088%**

(0.028)
0.226%*

(0.111)
0.012

(0.042)
-0.023

(0.042)
-0.073%*

(0.039)
0.020

(0.041)
0.013

(0.041)

(0.022)
-0.414%%*
(0.023)
-0.376%%*
(0.026)
-0.396%%*
(0.028)
0.410%%*
(0.031)
0.356%**
(0.028)
0.509%**
(0.025)
-0.076%%*
(0.018)
-0.080%**
(0.027)
-0.043

(0.033)
-0.012

(0.025)
-0.011

(0.011)
-0.029

(0.022)
-0.006
(0.018)
0.029%

(0.017)
-0.008

(0.017)
-0.018

(0.016)
0.057

(0.036)
0.028*
(0.015)
-0.026*

(0.014)
-0.073%%*
(0.017)
0.022

(0.097)
0.055%*

(0.027)
0.012

(0.026)
-0.026

(0.025)
0.012

(0.026)
0.034

(0.026)
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Week =7
Week =8
Week =9
Week =10
Week =11
Week =12

Constant

N
R-squared

0.059%*
(0.023)
0.016
(0.027)
0.027
(0.030)
-0.012
(0.027)
-0.034
(0.028)
-0.028
(0.030)
-0.052%
(0.030)

12,235
0.546

0.055%*
(0.022)
0.014
(0.026)
0.025
(0.030)
0.014
(0.028)
-0.036
(0.027)
-0.029
(0.029)
0.003
(0.146)

12,235
0.550

0.038
(0.035)
0.029
(0.037)
0.002
(0.035)
-0.033
(0.040)
-0.041
(0.037)
-0.030
(0.035)
-0.015
(0.041)

6,641
0.584

0.075%*
(0.029)
0.030
(0.030)
0.040
(0.029)
-0.000
(0.032)
-0.022
(0.031)
-0.014
(0.029)
-0.044
(0.028)

12,235
0.006

0.017
(0.041)
0.002
(0.041)
-0.018
(0.040)
-0.069*
(0.041)
-0.060
(0.041)
-0.068%*
(0.041)
0.277%%*
(0.040)

12,235
0.084

0.033
(0.026)
0.031
(0.026)
0.028
(0.026)
-0.011
(0.027)
-0.037
(0.026)
-0.026
(0.025)
-0.058*
(0.030)

12,235
0.639

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. The dependent variable in Columns (1), (2),
(3), (5), and (6) is reported intended vote in the 2020 presidential election taking on discrete values from -1 to 1.
Intended vote for Democrats/Joe Biden = -1, intended abstention = 0, and intended vote for the GOP/Donald Trump =
1. In Column (4), the outcome is the magnitude of change from 2016 vote to 2020 intended vote. See Appendix A for

variable construction.

Table A8. Change in Republican Vote Intention by Job Loss/Gain, Reweighted to Census Populations

DV: Republican Vote Intention Indicator Scale Measure
Measure
@) 2
Voted Democrat in 2016 -0.672%%* -0.672%**
(0.021) (0.021)
Voted Republican in 2016 0.873%** 0.872%**
(0.020) (0.020)
Employment Worsened -0.057***
(0.020)
Employment Improved 0.028
(0.038)
Employment Worsened by 2 units -0.088#**
(0.027)
Employment Worsened by 1 unit -0.028
(0.027)
Employment Improved by 1 unit 0.034
(0.052)
Employment Improved by 2 units 0.018
(0.053)
Race, Black -0.190*** -0.190***
(0.020) (0.020)
Race, Asian -0.077* -0.078*
(0.040) (0.040)
Race, Other -0.087** -0.086**
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(0.044) (0.044)

Hispanic/Latino -0.018 -0.019
(0.031) (0.031)
Female -0.037%** -0.038*%**
(0.014) (0.014)
Age: Under 25 -0.066** -0.069%**
(0.030) (0.030)
Age: 25-34 -0.003 -0.003
(0.023) (0.023)
Age: 35-44 0.034 0.033
(0.022) (0.022)
Age: 55-65 -0.024 -0.025
(0.022) (0.022)
Age: 65 and older -0.004 -0.006
(0.022) (0.022)
Educ.: < High School 0.153%** 0.153%**
(0.039) (0.038)
Educ.: High School/GED 0.038** 0.037**
(0.018) (0.018)
Educ.: BA -0.042%* -0.042%*
(0.018) (0.018)
Educ.: Graduate -0.061%** -0.062%**
(0.019) (0.019)
Educ.: Other 0.095 0.091
(0.130) (0.130)
Week =2 0.048 0.048
(0.035) (0.035)
Week =3 0.031 0.031
(0.034) (0.034)
Week =4 -0.023 -0.023
(0.035) (0.035)
Week =5 0.023 0.022
(0.034) (0.034)
Week = 6 0.054 0.054
(0.034) (0.034)
Week =7 0.065* 0.064*
(0.034) (0.034)
Week =8 0.044 0.043
(0.036) (0.036)
Week =9 0.067* 0.066*
(0.034) (0.034)
Week =10 -0.020 -0.022
(0.035) (0.035)
Week =11 0.014 0.013
(0.038) (0.038)
Week =12 -0.027 -0.029
(0.033) (0.033)
Constant -0.065* -0.063*
(0.035) (0.035)
N 12,235 12,235
R-squared 0.546 0.546

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. The dependent variable is reported intended
vote in the 2020 presidential election taking on discrete values from -1 to 1. Intended vote for Democrats/Joe Biden
= -1, intended abstention = 0, and intended vote for the GOP/Donald Trump = 1.
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Table A9. 2020 Vote Intention by Job Loss/Gain

DV: Intended 2020 Vote Dems./Biden Reps./Trump Abs/Other Dems./Biden Reps./Trump Abs/Other

M 2 €)) “4) ©) (6)
Voted Democrat in 2016 0.498%** -0.177%** -0.321%** 0.498%** -0.177%** -0.32]***
(0.010) (0.009) (0.009) (0.010) (0.009) (0.009)
Voted Republican in 2016 -0.282%** 0.600%** -0.318*** -0.282%** 0.600%** -0.318***
(0.010) (0.010) (0.009) (0.010) (0.010) (0.009)
Employment Worsened 0.033%** -0.028%** -0.005
(0.010) (0.009) (0.007)
Employment Improved -0.024 0.004 0.020%*
(0.017) (0.016) (0.012)
Employment Worsened by
2 units 0.043%** -0.030%* -0.013
(0.013) (0.012) (0.010)
Employment Worsened by
1 unit 0.025%* -0.026** 0.002
(0.013) (0.012) (0.010)
Employment Improved by
1 unit -0.017 -0.007 0.024
(0.022) (0.021) (0.015)
Employment Improved by
2 units -0.035 0.020 0.015
(0.025) (0.022) (0.016)
Race, Black 0.072%** -0.091*** 0.018%** 0.072%** -0.091*** 0.018**
(0.011) (0.009) (0.008) (0.011) (0.009) (0.008)
Race, Asian 0.048%** -0.064*** 0.016 0.048%** -0.064*** 0.016
(0.017) (0.015) (0.012) 0.017) (0.015) (0.012)
Race, Other 0.052%** -0.070%** 0.018 0.051** -0.070%** 0.018
(0.021) (0.018) (0.015) (0.021) (0.018) (0.015)
Hispanic/Latino 0.003 -0.002 -0.001 0.003 -0.002 -0.001
(0.015) (0.014) (0.010) (0.015) (0.014) (0.010)
Female 0.008 -0.031*** 0.023%** 0.009 -0.031%*** 0.022%**
(0.007) (0.006) (0.005) (0.007) (0.006) (0.005)
Age: Under 25 0.019 -0.019 -0.000 0.020 -0.018 -0.001
(0.014) (0.013) (0.011) (0.014) (0.013) 0.011)
Age: 25-34 -0.012 -0.020* 0.0327%:*x* -0.012 -0.020* 0.032%#*
(0.011) (0.010) (0.009) (0.011) (0.010) (0.009)
Age: 35-44 -0.021** 0.005 0.016** -0.021** 0.005 0.016**
(0.010) (0.010) (0.008) (0.010) (0.010) (0.008)
Age: 55-65 0.019* -0.000 -0.019%* 0.020* -0.000 -0.019**
(0.010) (0.010) (0.008) (0.010) (0.010) (0.008)
Age: 65 and older 0.025** -0.002 -0.022%** 0.025** -0.002 -0.023%**
(0.010) (0.010) (0.008) (0.010) (0.010) (0.008)
Educ.: < High School -0.109%** 0.025 0.084#*x* -0.109%** 0.025 0.084***
(0.022) (0.022) (0.022) (0.022) (0.022) (0.022)
Educ.: High School/GED -0.032%** 0.009 0.024%#*x* -0.032%** 0.009 0.024%**
(0.009) (0.009) (0.007) (0.009) (0.009) (0.007)
Educ.: BA 0.030%** -0.018** -0.012%* 0.030%** -0.018%* -0.012%*
(0.009) (0.008) (0.006) (0.009) (0.008) (0.006)
Educ.: Graduate 0.029%** -0.022%* -0.007 0.030%** -0.023%* -0.007
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(0.010) (0.009) (0.007) (0.010) (0.009) (0.007)
Educ.: Other -0.106 -0.053 0.159%* -0.106 -0.053 0.158**
(0.065) (0.051) (0.063) (0.065) (0.051) (0.063)
Week = 2 -0.026 0.019 0.007 -0.026 0.019 0.007
(0.016) (0.015) (0.012) (0.016) (0.015) (0.012)
Week = 3 -0.005 0.011 -0.006 -0.005 0.012 -0.006
(0.016) (0.015) (0.012) (0.016) (0.015) (0.012)
Week = 4 0.008 -0.017 0.009 0.008 -0.017 0.009
(0.015) (0.014) (0.011) (0.015) (0.014) (0.011)
Week = 5 -0.003 0.009 -0.006 -0.003 0.009 -0.006
(0.016) (0.015) (0.012) (0.016) (0.015) (0.012)
Week = 6 -0.023 0.023 -0.000 -0.023 0.024 -0.000
(0.016) (0.015) (0.011) (0.016) (0.015) 0.011)
Week = 7 -0.039%* 0.022 0.018 -0.039%* 0.022 0.017
(0.016) (0.015) (0.012) (0.016) (0.015) (0.012)
Week = 8 -0.018 0.002 0.016 0.018 0.002 0.016
(0.016) (0.015) (0.012) (0.016) (0.015) (0.012)
Week = 9 0.018 0.009 0.009 0.018 0.010 0.009
(0.015) (0.015) (0.011) (0.015) (0.015) 0.011)
Week =10 -0.003 -0.016 0.019 -0.004 -0.015 0.019
(0.017) (0.016) (0.012) (0.017) (0.016) (0.012)
Week = 11 0.015 0.014 -0.001 0.015 -0.014 -0.001
(0.016) (0.015) (0.011) (0.016) (0.015) (0.011)
Week = 12 0.008 -0.018 0.010 0.008 0.018 0.009
(0.016) (0.015) (0.012) (0.016) (0.015) (0.012)
Constant 0.368%** 0.317%%* 0.314%%% (0 368%++ 0.317%%* 0.315%%*
(0.017) (0.017) (0.014) (0.017) (0.017) (0.014)
N 12,235 12,235 12,235 12,235 12,235 12,235
R-squared 0.503 0.543 0.238 0.503 0.543 0.238

Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. Estimates are from OLS regressions. The dependent
variable is reported intended vote in the 2020 presidential election taking on a value of 1 if the respondent indicated they
intended to vote for the specified candidate/party and 0 otherwise.
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APPENDIX FIGURES

Figure A1. Republican Vote Intention, with Zip Code FE

Employment Change Indicator
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Points denote coefficients from OLS regression, with 95% confidence intervals shown as lines. Omitted employment
category is no change in employment. Republican Vote Intention is coded: -1 for Democratic candidate (Biden),

0 for abstention or other candidate, and 1 for Republican candidate (Trump). See Appendix Table AT for complete
model specification.
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Figure A2. 2020 Vote Intention

\Vote Democrat Abstain Vote Republican
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Note: Points are predicted probabilities from multinomial logistic regressions. Log odds ratios from these specifications
are provided in Table A5.

Figure A3. 2020 Vote Intention (voted Democrat in 2016)
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Mote: Points are predicted probabilities from multinomial logistic regressions. Sample is restricted to respondents who voted Demaocrat in 2016.



Figure A4. 2020 Vote Intention (voted Republican in 2016)
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MNote: Points are predicted probabilities from multinomial logistic regressions. Sample is restricted to respondents who voted Republicanin 2016.

Figure A5. 2020 Vote Intention (abstained in 2016)
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Figure A6. Approval in Handling Pandemic
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Points denote coefficients from OLS regression, with 95% confidence intervals shown as lines. Omitted employment category is no
change in employment.

Figure A7. Instrumenting Trump Approval using Job Loss

Predicted Trump Approval (1st Stage) 2020 Republican Vote Intention (2nd Stage)
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Notes: Points are regression estimates with 95% confidence intervals.



